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ABSTRACT

Government attention matters for nonprofit management and nonprofit-government interactions. This study focuses on legisla-
tive attention, an important yet less-studied aspect of government attention in public policy research, and examines its impact
on nonprofit efficiency. By employing a longitudinal multi-level regression design and utilizing data from state-level legal pro-
ceedings and financial statements from a national sample of housing nonprofits, the findings suggest a positive impact of leg-
islative attention on nonprofit efficiency, highlighting a complementary mode of nonprofit-government relations. Additionally,
this impact is more pronounced among nonprofits that receive government grants, suggesting the role of government support
in enhancing nonprofits’ responsiveness to government attention. Our study contributes to a macro-micro understanding of
government-nonprofit relationships and extends prior research on government attention by bridging the dynamics in the policy
process with practices in other sectors.
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RESUMEN

La atencion gubernamental es crucial para la gestion de las organizaciones sin fines de lucro y sus interacciones con el gobierno. Este
estudio se centra en la atencion legislativa, un aspecto importante, aunque menos estudiado, de la atencién gubernamental en la in-
vestigacion de politicas publicas, y examina su impacto en la eficiencia de las organizaciones sin fines de lucro. Mediante un disefio de
regresion longitudinal multinivel y utilizando datos de procedimientos legales estatales y estados financieros de una muestra nacional
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de organizaciones sin fines de lucro dedicadas a la vivienda, los hallazgos sugieren un impacto positivo de la atenci6n legislativa en

la eficiencia de las organizaciones sin fines de lucro, destacando una modalidad complementaria de relaciones entre organizaciones

sin fines de lucro y el gobierno. Ademads, este impacto es mas pronunciado entre las organizaciones sin fines de lucro que reciben

subvenciones gubernamentales, lo que sugiere el papel del apoyo gubernamental en la mejora de la capacidad de respuesta de las

organizaciones sin fines de lucro a la atencion gubernamental. Nuestro estudio contribuye a una comprensién macro-micro de las

relaciones entre el gobierno y las organizaciones sin fines de lucro y amplia la investigacién previa sobre la atencién gubernamental

al conectar la dindmica del proceso de formulacion de politicas con las practicas en otros sectores.

1 | Introduction

Attention is not a unitary concept but varies across different meta-
theories; for instance, the behavioral theory of organizations, man-
agerial cognition, issue selling, and agenda-setting (Ocasio 2011).
In general, attention can be understood as a set of varied, intercon-
nected processes in individual and/or organizational information
processing networks that can influence their subsequent percep-
tion and/or action (Posner and Rothbart 2007). Due to its potential
in explaining key policy and managerial decisions such as issue pri-
oritization and resource allocation (Jones and Baumgartner 2005),
attention has been increasingly examined in public policy and
nonprofit management studies, focusing on important variants
such as political, fiscal, and media attention as well as their link-
ages to varied organizational characteristics and managerial prac-
tices (Boettke et al. 2017; Fan et al. 2022; Guo and Saxton 2018;
Quinn et al. 2010; Peterson 2018; van Aelst et al. 2008). Despite the
progress, most studies are conducted in sectoral silos (e.g., within
government entities or nonprofits), leaving attention mechanisms
and influence across sectors understudied!.

An attention-based view can be instrumental in understanding
government-nonprofit relationships, which are essential in public
policy processes and public service delivery. First, the conceptual
richness of attention entails greater analytical applicability to the
complexity and multifacetedness of government-nonprofit rela-
tionships. For instance, in addition to its substantive variants such
as political and fiscal attention (see e.g., Mortensen 2009), attention
can likewise be distinguished into categories such as selective and
executive attention based on their driven stimuli (e.g., top-down
and bottom-up) as well as their roles in individual and organiza-
tional decision-making (Ocasio 2011). These variants and their
mechanisms can help better capture the nuances of government-
nonprofit interactions beyond resource exchange and contrac-
tual relationships (Cheng 2019). For example, selective attention,
which characterizes the process by which an organization's lim-
ited information processing capacity is allocated to a specific set of
stimuli at a moment in time, can help explain if and to what extent
government and nonprofit organizations would respond to each
other's varied signals (e.g., requests and demands) coherently in an
environment of competing sources of stimuli (Ocasio 2011).

Second and relatedly, an attention-based view of government-
nonprofit relationships facilitates incorporating knowledge from
fields such as psychology and cognitive neuroscience. These dis-
ciplines are essential for advancing our understanding of gov-
ernment and nonprofit interactions and promoting a behavioral
perspective in public policy and nonprofit management. This is
because studying attention at the organizational and sectoral lev-
els will necessarily engage the micro-level behavior and attitudes

of individual managers and practitioners. Such intricacies can
be effectively disentangled by psychology- and/or neuroscience-
informed research (Grimmelikhuijsen et al. 2017). For instance,
an attention-based view of government-nonprofit relationships
can help address important yet less-studied questions such as the
potential discrepancies between individual- and organizational-
level attention within public and nonprofit organizations as well
as the relationship between the varied forms of attention and
their effects on managerial practices and motivation. As for the
behavioral perspective of public policy and nonprofit manage-
ment, an attention-based view of government-nonprofit relation-
ships will help provide evidence to critical topics such as public
leadership and motivation (e.g., connecting perception to action
at the agent and organizational levels; Warren 2006) that can
have important implications for areas such as government and
nonprofit accountability and performance.

We apply the attention-based view of government-nonprofit rela-
tionships to examining the relationship between two important
concepts: government attention and nonprofit efficiency, defined
here as the selective allocation of government capacity and re-
sources (Quinn et al. 2010) and the extent to which a nonprofit
succeeds in accomplishing its objectives (e.g., delivering social
services) with limited inputs (Alexander et al. 2010), respectively.
Our motivation for focusing on this relationship is twofold. First,
although government attention has been recognized as crucial in
political and policy processes, due primarily to the capacity-and-
overload gap in government information processing (Jones and
Baumgartner 2005), as well as its potential influence on the be-
haviors of partners and stakeholders within and beyond the public
sector (see e.g., Kliiver 2020; Yackee 2006), there remains a lack of
research on government attention in cross-sector settings. As for
nonprofit efficiency, its long-standing importance to nonprofit sur-
vival has likewise made it worthwhile to be further examined in
an intersectoral setting in relation to the dynamics of government
attention. Second, connecting government attention to nonprofit
efficiency helps build a macro-micro model of government-
nonprofit relationships in which dynamics in the political and
policy processes can be reflected in and/or help explain relevant
managerial practices and outcomes at the individual and/or or-
ganizational levels (Vogel et al. 2022). Such a macro-micro ap-
proach to government-nonprofit relationships will help refine and
improve our understanding of interactions between government
and nonprofit organizations, such as collaboration and conflict, as
well as provide room for other types of societal dynamics such as
public and media attention, to be incorporated into the analysis of
government-nonprofit relationships.

In this article, we focus on legislative attention, an im-
portant yet less-studied aspect of government attention in
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public policy research, and examine its impact on nonprofit
efficiency. Specifically, we ask two questions: (1) What is the
relationship between government attention and nonprofit ef-
ficiency? and (2) how does the receipt of government grants
influence this relationship? Empirically, we adopt a three-step
approach contextualized in the U.S., focusing on housing non-
profits. First, we theorize and measure legislative attention at
the state level in the U.S. via a computational text analysis
approach and data from state-level legal proceedings. Second,
we develop a comprehensive measure of nonprofit efficiency
at the organizational level using Data Envelopment Analysis
(DEA), based on a national sample of Habitat for Humanity
(HFH) affiliates. Third, we analyze the relationship between
legislative attention and efficiency with a longitudinal multi-
level regression design. Our findings provide suggestive
evidence for a positive association between legislative atten-
tion and efficiency, pointing to a complementary mode of
nonprofit-government relations in the context of our study.
Additionally, our findings reveal that the positive correla-
tion between legislative attention and nonprofit efficiency is
more pronounced among nonprofits that receive government
grants, whereas this association is not statistically significant
among nonprofits without government grants.

2 | Literature Review

Government-nonprofit relationships feature prominently in
policy processes and public service delivery. Government fail-
ure theory posits that nonprofit service delivery occurs when
the government fails to meet citizens' heterogeneous demands
(Zuhlke 2021). Building on theories of collective action and
transaction costs, scholars have also proposed a symbiotic
relationship between the government and nonprofits to deal
with “free-riding” and inefficiency in public service provision
(Kapucu 2006). Nonprofits are responsible for service delivery,
whereas the government is responsible for service financing.
Lastly, the advocacy role of many nonprofits and monitoring
pressures from the government can render the government-
nonprofit relationship adversarial and reactive (Verschuere
and De Corte 2015). The sum is that the government and non-
profits can work in a supplementary and complementary man-
ner and be engaged in an adversarial relationship of mutual
accountability and influence (Cheng 2019; Young 2000). An
important implication of these findings is that government-
nonprofit relationships are multifaceted, dynamic, and con-
textually dependent.

As noted previously, a key element in public policy is atten-
tion (Jones and Baumgartner 2005), defined here broadly as
the selective allocation of government capacity and resources
(Quinn et al. 2010). In other words, government attention cap-
tures the extent to which the government engages consciously
in a selected set of issues and/or uses resources (Simon 1947).
The importance of government attention stems from the cog-
nitive limitations at individual and organizational levels, the
oversupply of information in political and policy decision-
making (Workman et al. 2009), and the government's control
over key governance resources such as public finance and
legislation. Accordingly, government attention can also be un-
derstood as the weight of each issue definition on government

decision-making. Despite the importance, however, govern-
ment attention has not been well recognized in the context
of government-nonprofit relationships, with a few exceptions
in advocacy business-government relations and policy change
(see Fyall and McGuire 2015; Guo and Saxton 2018). The lack
of recognition can be attributable, at least in part, to the diffi-
culties in constructing viable measures of government atten-
tion (Quinn et al. 2010). Yet, given the increasing cross-sector
interaction and cooperation in public service delivery, a better
understanding of the role of government attention in shaping
nonprofit service delivery is necessary.

A significant body of research within the public policy literature
focuses on the concept of government attention, particularly in
the forms of political and fiscal attention. Key areas of study
include the influence of attention on agenda-setting as well as
the interplay between government attention and public and/or
media attention (see e.g., Bevan and Rasmussen 2020; Jones and
Baumgartner 2004). An overview of this body of research indi-
cates a common perspective of government attention as a valu-
able political resource, highlighting its significant role across
various stages of policymaking and the factors determining its
allocation. Methodologically, scholars in these fields have been
innovating empirical methods to quantify and analyze attention,
increasingly employing techniques like computational text anal-
ysis and leveraging big data to gain insights (see e.g., Barbera
et al. 2019; Russell Neuman et al. 2014). One understudied area
is the impact of government attention in cross-sector contexts,
particularly on topics such as how actors from non-public sec-
tors respond to different forms of government attention.

As for the variants of government attention, as mentioned pre-
viously, their definitions are largely in line with the divisions
of government responsibilities in many political systems, often
categorized into types such as administrative, political, and ju-
dicial attention. These variants are increasingly examined in
policy studies, with a focus on their influence in shaping key
government behaviors and practices such as budgeting and pol-
icy adoption (Boettke et al. 2017; Fan et al. 2022). An import-
ant yet less-studied type of government attention is legislative
attention, defined here as the extent to which the government
engages in issues using cognitive and/or material resources in
the legislative process. Legislative institutions play a key role in
determining the relative importance of various public concerns
through their agenda-setting function; understanding the dy-
namics of the legislative process is thus essential, particularly
regarding its impact on actors both within and beyond the pub-
lic sector (Woon 2009). Additionally, while legislative attention
generally aligns with other types of government attention, such
as political and fiscal attention, this alignment is not always con-
sistent due to the common executive-administrative discretion
exercised in various aspects of policy implementation and public
service delivery (Lynn et al. 2000; Lovett et al. 2015).

Specifically, legislative attention holds a unique and critical
role in shaping the policy process by establishing the legal
groundwork for policy development through both structured
institutional procedures and the entrepreneurial efforts of rep-
resentatives (Woon 2009). That is, legislative attention is instru-
mental in the policy process by fostering debates and exchanges,
building coalitions, and reconciling diverse interests (see e.g.,
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DeLeo and Duarte 2022; Luxon 2019). In contrast, adminis-
trative attention is primarily concerned with addressing the
short-term and practical challenges of policy implementation
by leveraging bureaucratic discretion and organizational ca-
pacities—which are influenced by contextual specificities—to
translate policymakers' decisions into action (May et al. 2008;
Williams 2021). At the same time, judicial attention functions
as an essential check by ensuring that both legislative actions
and administrative practices adhere to constitutional principles,
as emphasized in theories of institutional checks and balances
(Rubenstein 2009). Importantly, unlike the often rapid and/
or volatile dynamics of administrative attention and the more
indirect, exogenously driven influence of judicial attention,
legislative attention tends to be slow-moving (i.e., the built-in
inefficiencies; see Oleszek et al. 2020), more endogenous (rep-
resentatives’ entrepreneurial efforts), and consequential over a
longer time period, and is thus more likely to catalyze substan-
tive changes among policy stakeholders (Ponomarenko 2021).

Regarding efficiency, it is arguably one of the most critical fac-
tors in assessing and characterizing nonprofit service delivery
performance, given the extent to which nonprofits depend on
external resources for service input and the volume of service
output that is required to meet citizens' heterogeneous demands
(Coupet 2018). In other words, nonprofits must balance both
structural and instrumental priorities in their management
and operations. This involves reconciling stakeholder expec-
tations with practical operational outcomes (Mitchell 2018).
External stakeholders often promote resource management
practices rooted in established standards of good governance
and stewardship, where efficiency stands out as a key indicator
of responsible management—an essential factor for long-term
sustainability (Coupet and Berrett 2019). Although metrics like
the volume of services delivered can provide a more straightfor-
ward gauge of performance, emphasizing efficiency—which in-
herently considers the strategic investments in management and
operations (Altamimi and Liu 2022)—offers a more comprehen-
sive approach to evaluating nonprofit performance within their
operational contexts.

Moreover, in line with what resource dependence theory pos-
its—that dependence on external resources can result in a
power imbalance that opens internal control to external in-
terests that extend those resources (Pfeffer and Salancik 1978)
—the nonprofit literature has likewise suggested that the
threat of removal of key public resources can affect nonprofit
efficiency (Malatesta and Smith 2011). One possible explana-
tion lies in the cost associated with fulfilling the requirements
of using public resources, such as reporting and disclosure,
which could potentially lead to an increase in the input side
of the efficiency measure and hence decrease nonprofit ef-
ficiency (Froelich 1999). Here, the potential effect of public
resource dependence on nonprofit efficiency again points to
a principal role of the government in government-nonprofit
relationships. Yet, given the complexity and multifacetedness
of government-nonprofit relationships, other elements of pol-
icymaking, such as attention, should likewise be assessed in
relation to nonprofit efficiency. As such, our study examines
the role of legislative attention in shaping nonprofit efficiency
as well as how government grants affect the relationship be-
tween government attention and nonprofit efficiency.

3 | Theoretical Expectations and Hypotheses

3.1 | Government Attention and Nonprofit
Efficiency: Enhancement or Hindrance?

Government attention has been viewed as a resource that
shapes important practices such as agenda-setting and public
spending (Jones and Baumgartner 2005). The resource-based
view recognizes the gap between limited information process-
ing capacity and information overload (Workman et al. 2009).
Here, both serial and parallel government information process-
ing (Simon 1947) are subject to the capacity-and-overload gap
since it is the individual public managers that constitute the
“building blocks” of government decision-making (Jones and
Baumgartner 2005). In the context of government information
processing, assuming it can be stylized into different stages (e.g.,
noticing, encoding, and interpreting), the distinction between
serial and parallel processing relates to how a stimulus array
is processed at each stage. Serial processing involves handling
one array at a time in each stage, while parallel processing in-
volves simultaneously processing multiple arrays (Massaro and
Cowan 1993). An implication of the resource-based view is that
a higher level of government attention indicates more weight of
an issue on the government's decision-making, which can po-
tentially translate into a higher level of policy priority, action,
and/or resources (Fan et al. 2022). Additionally, government at-
tention can be influenced by either top-down (e.g., policy and
political agendas) or bottom-up mechanisms (e.g., public de-
mands) or a combination of both (Ocasio 2011).

Linking legislative attention to nonprofit efficiency, two pos-
sible relationships emerge in opposite directions. The first
aligns with the complementary mode of nonprofit-government
relations and suggests a positive relationship based on a three-
fold rationale. First, many nonprofits face underinvestment in
organizational infrastructure (e.g., the nonprofit starvation
cycle; Lecy and Searing 2015). Along these lines, nonprofits
also struggle to gain sufficient policy influence due to chal-
lenges in effectively deploying advocacy tactics (Ljubownikow
and Crotty 2016). The policy priorities and resources generated
by heightened attention in the legislative process—through
both its agenda-setting function and its control over budget
and appropriations (Oleszek et al. 2020)—can significantly
enhance nonprofits' capacity building, operational stability,
and long-term performance, thus leading to more efficient
resource use. Second, despite challenges from constructivist
and postmodernist perspectives and the increasingly politi-
cized relationship between scientific evidence and policymak-
ing, the emphasis on evidence-based policymaking remains
both relevant and important (Cairney 2016; Sanderson 2002).
In light of this, policymakers are more likely and capable of
demanding performance disclosure and monitoring nonprofit
operations (Coupet and Schehl 2021), and nonprofits can be
expected to seek enhanced efficiency when there is a high
level of legislative attention to their service issue areas. Third,
strategic management and innovation studies suggest that in-
creased government attention in general may help create new
market space in public service delivery (see Li et al. 2013).
Given nonprofits' role in meeting the public's heterogeneous
demands, when facing a high level of legislative attention, it is
logical to expect nonprofits to introduce new services, update
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existing ones, or both (see Shi et al. 2020), which requires im-
provement in their operational efficiency and performance
(Smith et al. 2005). Such information leads to the following
hypothesis:

Enhancement Hypothesis (H1). Allelsebeingequal, leg-
islative attention is positively associated with nonprofit efficiency.

An alternative link between legislative attention and nonprofit
efficiency suggests a negative direction based on the follow-
ing grounds. First, research on organizational theory suggests
that in addition to selective attention, which emphasizes the
information capacity-and-overload gap, a distinct form of at-
tentional mechanism, executive attention, may also explain and
guide organizational decision-making and action (Ocasio 2011).
Specifically, executive attention involves allocating cognitive re-
sources to diverse and/or inconsistent stimuli and, more impor-
tantly, facilitates planning and problem-solving. Put differently,
executive attention goes beyond allocating cognitive resources
selectively and implies motivation and action. A logical expec-
tation, based on executive attention, is that increased legislative
attention may be channeled into the executive branch through
mechanisms such as legislative mandates, which may then
prompt more direct government involvement in service delivery,
potentially exacerbating the nonprofit starvation cycle (Lecy
and Searing 2015) and potentially reducing nonprofit efficiency.

Second, apart from governments’ expanded involvement in ser-
vice delivery, the potential policy priorities and resources avail-
able for the nonprofit sector due to increased legislative attention
may not necessarily translate into nonprofits' enhanced effi-
ciency. From a policy growth perspective, increased legislative
attention may lead to a piling up of regulations and scrutiny in
nonprofits' service areas, resulting in additional administrative
and managerial costs that could threaten nonprofit efficiency
(Fyall 2016). This is particularly the case when implementation
capacities do not expand in parallel with policy growth (Knill
et al. 2024). Additionally, from a resource dependence perspec-
tive, nonprofits that overly rely on government support may
ultimately lose their independence and become less adaptive
to external influences. Furthermore, as indicated above, prior
literature suggests that government funding can negatively af-
fect organizational efficiency (Froelich 1999; Gronbjerg 1991).
For instance, Coupet (2018) finds that increases in state funding
negatively impact the efficiency of public colleges. This may be
because, to compete for government support, substantial effort
is required to become more formalized and bureaucratized to
meet the demands of the government's disclosure requirements
(Lu 2018). Accordingly, we hypothesize that:

Hindrance Hypothesis (H2). All else being equal, legis-
lative attention is negatively associated with nonprofit efficiency.

3.2 | Heterogeneity in the Receipt
of Government Grants

While the above reasoning indicates that legislative attention
could have an impact on nonprofit efficiency in either direction,
it is likely that such impact might vary depending on whether a
nonprofit is financially connected with the government. In this

case, we further hypothesize that the impact of legislative at-
tention on nonprofit efficiency may be more pronounced among
nonprofits that receive government grants. This is because such
nonprofits are more likely to be informed of dynamics in govern-
ment attention in general, given their established financial rela-
tionships with government agencies. Additionally, as previously
mentioned, government principals, unlike individual donors
who face various information costs like search, discovery, bar-
gaining, and decision-making (Mitchell and Calabrese 2020),
tend to prioritize factors such as efficiency and productivity in
funding decisions for nonprofits (Coupet and Schehl 2021). Such
a focus could further incentivize nonprofits to respond to legis-
lative attention. In this case, our above reasoning leads to the
following hypothesis:

Government Grants Hypothesis (H3). All else being
equal, the impact of legislative attention on nonprofit efficiency
is more pronounced among nonprofits that receive government
grants.

4 | Empirical Context, Data, and Methods

The nonprofit housing sector offers a useful context for exploring
the relationship between government attention and nonprofit ef-
ficiency. Housing addresses a fundamental human need but has
become increasingly unaffordable due to the widening gap be-
tween rising housing costs and stagnant personal incomes in the
U.S. (Ellen and Karfunkel 2016). Consequently, both the govern-
ment and nonprofit sectors are contending with an expanding
demand for affordable housing. Furthermore, extensive interac-
tions between nonprofits, government agencies, and the public
characterize the housing sector, driven by complex regulatory
frameworks and incentives at various administrative levels (e.g.,
the U.S. Department of Housing and Urban Development) and
exacerbated by market segmentation and rising housing insecu-
rity (Coupet and Schehl 2021). The variation in service delivery
and policy actions in this sector provides ample empirical op-
portunities to investigate how government attention influences
nonprofit efficiency.

This study specifically focuses on U.S.-based affiliates of
Habitat for Humanity (HFH) to construct the sample of hous-
ing nonprofits. HFH, a global nonprofit, aims to build homes
and communities for disadvantaged populations (Habitat for
Humanity 2021). HFH affiliates offer a suitable context for
efficiency analysis, given their similar operational and pro-
duction processes, which facilitate standardized comparisons
across units. Moreover, their centralized leadership structure
ensures consistent managerial control and policy guidance,
reducing the influence of confounding factors such as differ-
ences in leadership styles and internal policies across units.
That said, HFH differs in several important aspects from
many other affordable housing providers. First, HFH empha-
sizes single-family homeownership rather than multifamily
rental housing or voucher programs. Second, it operates at a
relatively modest scale compared with federal and state hous-
ing programs. Third, HFH relies heavily on volunteer labor—
data that were unfortunately unavailable for our study period.
These distinctive features can influence both HFH's financial
structure and the efficiency metrics we observe in this study.
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For example, extensive volunteer labor likely reduces reported
program costs, which may inflate measured efficiency rela-
tive to organizations that depend on paid workforces; like-
wise, a single-family ownership model may produce higher
per-beneficiary costs than higher-density rental programs.
Given these differences, our results should be interpreted
with caution when generalizing to the broader universe of
nonprofit housing providers—particularly those that manage
large-scale, multifamily developments or government-funded
voucher schemes. While HFH affiliates offer a compelling and
internally comparable sample, the sector's diversity means
that efficiency dynamics documented here may not fully
translate to other organizations.

4.1 | Data and Variables

Our study leverages data from numerous sources. First, we
employ data from HFH to construct our dependent variable,
nonprofit efficiency. Specifically, we draw on nonprofit man-
agement studies and use managerial efficiency as our depen-
dent variable for two reasons. First, managerial efficiency is
a valid and highly used indicator of organizational efficiency
(Prentice 2015) and is particularly useful in research on non-
profit organizations, given the aforementioned nonprofit
starvation cycle. This is because managerial efficiency ac-
counts for the managerial capacity to turn inputs into outputs
(Coupet and Berrett 2019). Second, the aggregating nature of
managerial efficiency has made it more advantageous in being
comparable across organizations, whereas output measures
might be less comparable due to variations in desirable and
undesirable organizational outputs.

To quantify managerial efficiency, we employ DEA, a non-
parametric and deterministic linear programming method
that generates a single, synthesized measure of an organiza-
tion's efficiency based on observed input-output vectors. Our
choice of DEA is motivated by two primary reasons. First, as
a nonparametric technique, DEA does not require assump-
tions about data distribution or specific production, cost, or
profit functions (Dong et al. 2015). Second, DEA facilitates
comparisons across sampled nonprofits by assigning varying
weights to each organization's inputs and outputs, construct-
ing a production frontier from the input-output vectors of all
sampled entities (Charnes et al. 1978). Assuming there are k
nonprofits, each with m inputs and n outputs, the DEA score
of nonprofit p can be obtained by solving the following model
(Cooper et al. 2011):

Max GP =—

2V,
j=1

m

21 UiYio

S.t.: l_n— <1 Yo
2 V%,
j=1
U;, V; >0 Vi,j

where i=1, .., n,j=1, .., m,0=1, .., k, y,, is the observed level
of output i from nonprofit p, x;, is the observed level of input
Jj from nonprofit p, u; is the weight on output i, v; is the weight
on input j. For our study, we source input and output data for
HFH affiliates from two main repositories: HFH production
reports and GuideStar's Form 990 filings. The Form 990, re-
quired by the U.S. Internal Revenue Service, provides detailed
financial information about nonprofits. We select management
and program expenses as our input variables, as they represent
key components of an organization's financial resource deploy-
ment. Our output variables include the numbers of new, recy-
cled, rehabilitated, and repaired houses?, capturing the tangible,
mission-driven outcomes HFH affiliates are expected to deliver.
By incorporating both programmatic and administrative costs
along with multiple forms of housing activity, our approach oper-
ationalizes efficiency as an organization's capacity to transform
its total expenditures into measurable, mission-aligned housing
outputs. This conceptualization is consistent with definitions
from the public and nonprofit management literature, which
frame efficiency as an organization's capabilities in achieving
its objectives—such as delivering social services—using lim-
ited resources (Alexander et al. 2010), and aligns methodologi-
cally with recent empirical studies in the field (e.g., Berrett and
Hung 2023; Coupet 2018; Gonzalez-Torre et al. 2017). Please
refer to the Appendix A for details about our input and output
variables.

We focus on government attention at the state level as our
primary explanatory variable. In particular, we introduce an
important yet understudied variant of government attention,
legislative attention, which captures the government's engage-
ment in varied issues in the legislative process. Inspired by
Baldwin (2019) and Worth et al. (2020), we measure legislative
attention using legal proceedings from the NexusUni database,
one of the largest and most relevant legal databases in the U.S.
To ensure the validity of our legislative attention variable and
to mitigate distortion from the large volume of legal proceed-
ings in each state, we first identify relevant proceedings using
the search terms “affordable housing,” “low-income housing,”
“affordable home ownership,” or “Habitat for Humanity.” We
further narrowed the search to include proceedings published
between January 1, 2010, and December 31, 2016, in line with
the timeframe of our HFH and GuideStar data. This search
yielded 15,417 proceedings from 49 states and the District of
Columbia; no proceedings were identified for Wyoming under
these criteria.

We build our state-level legislative attention variable using
natural language processing (NLP) techniques. In doing so,
following common practice, we first pre-processed all the
raw input (i.e., legal proceedings) by removing stopwords and
punctuation, replacing inflected words with their base forms
(or lemmatization), replacing numbers with a single tag, and
unifying the same words written with different capitalization
(Isoaho et al. 2021). Next, we employ GloVe (Global Vectors
for Word Representation; Pennington et al. 2014), a widely ap-
plied unsupervised learning algorithm in NLP, to create word
embeddings. These pretrained embeddings serve as the foun-
dation for constructing our legislative attention variable based
on the proceedings at the state-year level (i.e., grouping pro-
ceedings per year and per state). We construct our legislative
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attention variable by utilizing GloVe's embeddings to learn
the grouped text representations through a weighted aver-
aging system on individual word embeddings. The weights
are determined by the Term Frequency-Inverse Document
Frequency (TF-IDF) score (Rajaraman and Ullman 2011) as-
signed to each word.

We then build a list of keywords that are carefully chosen to be
relevant to our research topic of nonprofit housing (for further
details, please refer to the Appendix A). These keywords serve
as our reference points. We apply the same embedding proce-
dures to this keyword list and all other proceeding documents
to quantify the extent of legislative attention they capture. The
measure of legislative attention is derived from the cosine sim-
ilarity between the topic representations and the correspond-
ing document embeddings. A higher score suggests a more
pronounced level of legislative attention. Lastly, we normal-
ize the scores using either L1 or L2 normalization along the
row dimensions to enhance statistical validity and semantic
balance. In L1 normalization, the scores are divided by their
absolute sums, after which they sum to 1. In contrast, L2 nor-
malization involves dividing scores by their squared sums,
after which their squared scores sum to 1. Without affecting
regression analysis, we scale all scores by 100 times for lighter
computation. Both normalization methods yield correlated
results.

Finally, we incorporate two sets of control variables. At the
state level, we control for government size, income level, and
government decentralization. Government size, representing
the government's potential capacity for service delivery in-
volvement, is measured by the number of full-time government
employees per thousand residents. To account for heterogene-
ity in state housing markets and demand, we include income
level, using per capita income in real 2019 thousand dollars as
a proxy. Regarding government decentralization, while gov-
ernment failure theory suggests that decentralization might
hinder nonprofit performance due to increased efficiency and
heterogeneity of government services, other scholars have
found evidence of an interdependent relationship between
government and nonprofits, indicating minimal influence of
decentralization on nonprofit efficiency (Liu 2017). Following
Wei (2020), we measure government decentralization by the
number of special-district governments weighted by popula-
tion size in millions.

To account for state-level variations in housing availability for
disadvantaged populations, we include several additional con-
trol variables that capture nuances in housing assistance and
accessibility. Following Gromis et al. (2022), we first control for
the occupancy rate of assisted housing units, which provides in-
sight into the availability of housing assistance relative to the
overall housing market in each state. Second, we include the
average waiting time for new admissions to assisted housing
units, measured by the average number of months applicants
spend on waiting lists—a proxy for both accessibility and de-
mand for housing assistance. Lastly, to assess the extent of need
among subsidized households, we control for the proportion
of low-income households among those receiving subsidies.
This variable is operationalized as the percentage of subsidized
households with incomes below 50% of the local area’s median

family income, as defined by the U.S. Department of Housing
and Urban Development and adjusted for household size. Data
for these measures were obtained from the HUD Picture of
Subsidized Housing.

At the nonprofit-level, we control for organizational size and age,
following standard practices in nonprofit research. Size is mea-
sured by log-transformed total revenue, and age by years since
founding, since larger organizations may benefit from econo-
mies of scale (Hager et al. 2001), while younger ones may face
the “liability of newness” (Stinchcombe 1965). We also control
for the share of government grants, revenue concentration, and
the GSA population category. The share of government grants
is calculated as the ratio of government grants to total reve-
nue. Revenue concentration is assessed using the Herfindahl-
Hirschman Index (HHI), where a score of 1 indicates complete
concentration and a score near 0 indicates diversification; this is
calculated from contributions, net income from special events,
earned revenue, and investment income, excluding government
grants to avoid multicollinearity. The GSA population category
classifies the community's population size into five groups—
from Small (<50,000) to Very Large (>750,000)—to account
for varying scales of nonprofit operations. Data were obtained
from HFH production reports and GuideStar's Form 990 data.
Specifically, each affiliate's GSA was identified based on county-
level descriptions provided by HFH and mapped accordingly
to county boundaries (Habitat for Humanity 2021). Lastly, we
control for the costs of purchasing land or houses in the region
where an HFH affiliate operates. Following prior research (see
Berrett and Hung 2023), this variable is operationalized as the
logarithm of the Zillow Home Value Index provided by Zillow
Data (https://www.zillow.com/research/data/), a website that
publishes housing data in North America. We assign each affil-
iate's region based on the zip code of its primary operating loca-
tion. The final sample includes 2334 observations from 757 HFH
affiliates from 2010 to 2016, with descriptive statistics and data
sources provided in Table 1.

4.2 | Methods

We employ observational data at both state and nonprofit-levels
and across multiple time periods to investigate the relationship
between legislative attention and nonprofit efficiency. We rely on
a multi-level regression model to account for the variation in this
nested service delivery structure. Multi-level modeling outper-
forms classical regression in terms of prediction, data reduction,
and causal inference, albeit to varying degrees (Gelman 2006).
While it is beyond the scope of our study to provide causal in-
ferences, when randomized experimental data and/or credible
quasi-experimental designs are unavailable, multi-level models
can be used to simulate causal relationships with hierarchical
heterogeneities (Subramanian 2004). The following specifica-
tion is our baseline model without the moderator (i.e., public
attention):

Py =ap+ a1 Ay + a,Gy + a3N; + 0, + 6, + €4
where P, represents service delivery efficiency of NPO; in state,
and year,, A represents state-level legislative attention; G rep-
resents a vector of state-level control variables; N represents a
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TABLE1 | Variables, measurements, and descriptive statistics.

Variable Mean SD Min Max Data source
State level
Variables of interest
Legislative attention 0.248 0.053 —0.092 0.354 a
Government funding allocation 1.537 0.485 0.566 4.297 b
Public attention 42.304 14.119 8.417 71.167 [¢
State-level control variables
Per capita income 49.245 7.258 36.679 75.227 d
Government size 45.511 5.505 33.528 68.856 e
Government decentralization 143.052 137.787 11.955 765.053 f
Assisted housing occupation rate 92.611 2.534 79.000 98.000 g
Average waiting time for admission 23.147 8.875 2.000 61.300 g
Percent households with low income 95.391 1.617 90.000 99.000 g
NPO-level
Variables of interest
Nonprofit efficiency (DV) 95.391 1.617 90.000 99.000 h,i
Nonprofit-level control variables
Nonprofit age 22.386 5.818 1.000 72.000 i
Nonprofit size 13.482 1.389 5.298 16.805 i
Government grants contribution 0.068 0.130 0.000 0.958 i
Revenue concentration (HHI) 0.587 0.145 0.303 1.000 i
GSA population category 2.714 1.312 1.000 5.000 h
Zillow Home Value Index (log) 11.892 0.558 10.537 13.330 j

Note: a=Nexis Uni database. b=U.S. Census Annual Survey of State and Local Government Finances. c = Google Trends. d =the U.S. Bureau of Economic Analysis
Personal Income by State. e =the U.S. Census Annual Survey of Public Employment & Payroll. f=the U.S. Census of Governments: Organization. g=HUD. h=HFH

production reports. i=GuideStar Form 990 data. k =Zillow Housing Data.

vector of nonprofit-level characteristics. Additionally, «, is the
intercept, @, a,, a5 represent respective parameters to be esti-
mated. §; and §,; represent state- and nonprofit-specific effects,
respectively. g;, represents the disturbance term.

Given the three levels of variation in our data—across non-
profits, across states, and over time—we estimate this multi-
level model with a set of three-way fixed effects regressions,
as suggested by Andrews et al. (2006). This methodology
handles additional variation generated by a third level of data
(e.g., states), which is typically one level higher than the cross-
sectional units (e.g., nonprofits), as opposed to traditional
panel data models, which only allow for two levels of varia-
tion (e.g., nonprofits and time). Alternatives include hierar-
chical linear models (HLM) and linear mixed models (LMM),
although HLM/LMM are less suited due to the assumption
that fixed error components are uncorrelated with observed
explanatory variables (see Ba et al. 2021). All independent
variables are lagged by one year to eliminate the possibility of
simultaneity bias.

5 | Results
5.1 | Main Results

Table 2 presents the results of our multi-level regression models.
Model 1 focuses on the entire sample and does not consider the
heterogeneous effects between nonprofits that receive govern-
ment grants and those that do not. Model 2 is centered on non-
profits that receive government grants, while Model 3 examines
nonprofits that do not receive government grants. In Model 1,
our regression results show a statistically significant positive as-
sociation between legislative attention and nonprofit efficiency
measured in DEA scores. Given the scale difference between the
two variables, to ease interpretation, we standardize our legisla-
tive attention variable (see Appendix A for results without stan-
dardizing legislative attention). Specifically, all else being equal,
the results of Model 1 suggest that a one-standard-deviation in-
crease in legislative attention is associated with a 1.642 increase
in nonprofit efficiency (DEA score). Such a positive association
aligns with our enhancement hypothesis (H1) but contradicts
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TABLE 2 | Regression results.

Nonprofit efficiency

Model 2 (with Model 3 (without
Model 1 government grants) government grants)
Variables of interest
Legislative attention 1.642%* 2.399%* 1.147
0.737) (1.023) (1.104)
State-level control variables
Per capita income 1.459%** 1.070 1.679**
(0.437) (0.765) (0.732)
Government size —1.853%** —2.905%** —-0.954
(0.595) (1.018) (0.922)
Government decentralization 0.355%* 0.435%* 0.382
(0.149) (0.172) (0.280)
Assisted housing occupation rate 0.239 —0.375 0.276
(0.492) (0.762) (0.719)
Average waiting time for admission 0.075 0.010 —0.003
(0.121) (0.202) (0.168)
Percent households with low income 2.541%* 4.351%* 3.379%*
(1.136) (1.719) 1.717)
NPO-level control variables
Nonprofit age —-0.268 0.779 0.270
(0.268) (1.040) (0.948)
Nonprofit size 4.402%%* 1.070 4.821*
(1.653) (2.547) (2.469)
Government grants contribution 2.413 8.393 —
(6.492) (7.695) —
Revenue concentration (HHI) 11.785* 10.204 16.762*
(6.721) (10.895) (9.884)
GSA population category 2.077 16.302%** 1.424
(2.326) (2.355) (3.038)
Zillow Home Value Index (log) —2.154 —16.593** 4713
(5.980) (7.716) (10.682)
Constant —323.290%* —231.275 —561.659%*
(150.327) (222.565) (243.006)
N 2334 1015 1319
BIC 20,337.96 8609.21 11,457.16

Note: Standard errors are clustered by NPOs and in parentheses. Regressions include state and nonprofit fixed effects. Legislative attention variable has been
standardized to ease interpretation. Government grants contribution omitted because of collinearity.

*p<0.1.
**p<0.05.
#%p <0.01.

the hindrance hypothesis (H2), suggesting that government
attention is positively linked to nonprofit efficiency when con-
structed as legislative attention. This implies the presence of a
complementary mode of nonprofit-government relations in the
context of our analysis. In particular, heightened government
attention in the legislative process can lead to potential policy
priorities and resources that can add to nonprofits’ operational
stability, capacity building, and efficiency (Fyall 2016; Lu 2018).

Along this line, the positive relationship likewise suggests that
nonprofits are inclined to enhance their operational efficiency
in response to increased government attention and scrutiny, as
governments are more likely to and capable of demanding per-
formance disclosure (Coupet and Schehl 2021).

Moving on to Models 2 and 3, we separately run the regression
from Model 1 on two groups of nonprofits: those that receive
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government grants and those that do not (i.e., where govern-
ment grant contributions are zero). This approach allows us to
test the heterogeneous effects induced by government grants
on how legislative attention impacts nonprofit efficiency. Here,
the regression results indicate that the positive correlation be-
tween legislative attention and nonprofit efficiency persists for
nonprofits receiving government grants, with a larger effect size
than observed in Model 1 (B 4o standardized = 1-642, P <0.05;
Brodel2-standardized = 2-399, P <0.05). Conversely, this positive
correlation does not hold for nonprofits without government
grants. These findings support our heterogeneous effect hypoth-
esis (H3) and underscore government grants as an important
factor influencing how legislative attention impacts nonprofit
efficiency in the context of our study. Specifically, the results
indicate that nonprofits receiving government grants are more
likely to enhance their operational efficiency in response to in-
creased government attention. This enhancement in efficiency
may stem from the tendency of government officials to prioritize
factors such as efficiency and productivity in grant decisions for
nonprofits (Coupet and Schehl 2021). Moreover, in situations
where there is a heightened level of government attention, non-
profits that receive government grants may improve their oper-
ational efficiency to demonstrate their accountability to secure
additional grants (Salamon 1995). Notably, in addition to our
subgroup analysis, we conducted an analysis incorporating an
interaction term between legislative attention and the receipt of
government grants. The results (see Appendix A) are consistent
with our subgroup findings, indicating that legislative attention
has a more pronounced effect on nonprofit efficiency among
nonprofits that receive government grants.

As for the control variables, in Models 1 and 2, government
size and decentralization have shown consistently statistically
significant associations with nonprofit efficiency. Specifically,
a negative association with government size and a positive
association with government decentralization suggest that,
in the context of our study, nonprofits tend to operate more
efficiently under smaller, more decentralized governments.
These findings support the interdependent relationship be-
tween governments and nonprofits identified by previous
studies (see e.g., Liu 2017). Furthermore, the share of low-
income households among subsidized households at the state
level—defined as those receiving housing subsidies with an
income below 50% of the state's median family income—has
also demonstrated a consistently significant positive impact
on nonprofit efficiency across Models 1-3. This aligns with
the operations of HFH affiliates, which primarily serve low-
income neighborhoods, indicating that higher needs among
assisted households can enhance the efficiency of nonprofit
operations. Lastly, per capita income shows a statistically
significant positive association with nonprofit efficiency in
Models 1 and 3, but not in Model 2. This suggests that gov-
ernment grants may crowd out private donations, thus di-
minishing the potential influence of private contributions on
nonprofit efficiency.

At the nonprofit level, variables such as nonprofit size and reve-
nue concentration—measured by a nonprofit's log-transformed
total revenue and the Herfindahl-Hirschman Index (HHI)
of revenue, respectively—have shown consistently statisti-
cally significant positive associations with nonprofit efficiency

in Models 1 and 3, but not in Model 2. This suggests that, in
general, larger organizations may benefit from economies of
scale, enabling more efficient operations compared to smaller
ones (Hager et al. 2001). Additionally, consistent with the lit-
erature (see e.g., Mendoza-Abarca and Gras 2019; Mitchell and
Calabrese 2023), the concentration of revenue sources may help
nonprofits minimize operational transaction costs, which is
conducive to enhancing efficiency. However, the impact of these
variables may be less pronounced in the presence of government
grants. For nonprofits receiving government grants, variations
in size and HHI tend to be smaller, which could explain their
limited statistical significance in the regressions. Moreover,
in Model 2, the GSA population category is statistically signif-
icant and positively associated with efficiency, indicating that
in larger communities, nonprofits receiving government grants
tend to operate more efficiently to meet higher levels of demand.
By contrast, the logarithm of the Zillow Home Value Index is
negative and statistically significant, implying that nonprofits
operating in high-cost housing markets appear less efficient.
This likely reflects the fact that elevated land, labor, and con-
struction costs inflate spending relative to the number of homes
built or families served.

5.2 | Further Analyses

In addition to our primary linear model examining the relation-
ship between legislative attention and nonprofit efficiency, rec-
ognizing the punctuated and dynamic pattern of governmental
attention identified in the broader public policy and political
science literature (see e.g., Jennings and John 2009; Walgrave
et al. 2017), we further explore whether legislative attention ex-
erts any nonlinear effects at varying intensities. To investigate
this possibility, we re-estimated Model 1 with the inclusion of a
quadratic term for legislative attention, with the results reported
in Table 3. The coefficient for the quadratic term is not statisti-
cally significant, indicating that our data do not support a non-
linear relationship between legislative attention and nonprofit
efficiency.

Our study examines the relationship between state-level legisla-
tive attention—a macro-level factor—and nonprofit efficiency,
a micro-level outcome, using a national sample of U.S. housing
nonprofits. Recognizing this level difference, we explore interme-
diary mechanisms linking legislative attention to nonprofit effi-
ciency. Drawing on relevant literature, we focus on two potential
channels: government funding allocation and public attention.
Regarding funding allocation, research indicates that government
attention shapes funding decisions (Jones and Baumgartner 2005).
When the government concentrates on specific issues, it sig-
nals to funding bodies that targeted investments are necessary.
As a result, nonprofits may be motivated to improve efficiency,
assuming governments may favor organizations with lower ad-
ministrative costs in the grantmaking process (Ashley and Van
Slyke 2012). As for public attention—which can be defined as the
public's process of noticing, interpreting, and allocating resources
to specific issues (Ocasio 2011)—prior research on agenda-setting
and focusing events has shown that legislative dynamics are often
reflected in and/or driven by public discourse (see e.g., Barbera
et al. 2019; Bevan and Rasmussen 2020; Birkland 2007). In other
words, when legislators prioritize a particular topic, it tends to
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TABLE 3 | Exploration of nonlinear effects of legislative attention
on nonprofit efficiency.

Nonprofit efficiency

Variables of interest

Legislative attention 0.853
(1.053)
Legislative attention? —-0.213
(0.234)
State-level control variables
Per capita income 1.438%**
(0.437)
Government size —1.881***
(0.594)
Government decentralization 0.329%*
(0.158)
Assisted housing occupation rate 0.183
(0.481)
Average waiting time for 2.570**
admission (1.139)
Percent households with low 0.071
income (0.121)
NPO-level control variables
Nonprofit age —-0.259
(0.274)
Nonprofit size 4.334%%x*
(1.651)
Government grants contribution 2.690
(6.497)
Revenue concentration (HHI) 11.964*
(6.725)
GSA population category 2.232
(2.369)
Zillow Home Value Index (log) —1.695
(6.001)
Constant —319.704
(150.258)
N 2334
BIC 20,344.25

Note: Standard errors are clustered by NPOs and in parentheses. Regressions
include state and nonprofit fixed effects. The legislative attention variable has
been standardized to ease interpretation.

*p<0.1.

**p <0.05.

#55p < 0.01.

spark media coverage and public attention, which may in turn
increase public scrutiny of nonprofit operations and encourage
greater efficiency.

Empirically, we operationalize government funding alloca-
tion at the state level as the percentage of spending on housing

TABLE 4 | Mechanism analysis.

Government
funding
allocation Public attention

Variables of interest
Legislative attention —0.006 0.659***

(0.004) (0.096)
State-level control variables
Per capita income —0.025%** 1.613%%*

(0.002) (0.055)
Government size —-0.004 0.306%**

(0.004) (0.083)
Government —0.003*** 0.240%**
decentralization (0.001) (0.017)
Assisted housing —0.003 0.569%**
occupation rate (0.003) (0.059)
Average waiting time —0.000 0.046%**
for admission (0.001) (0.016)
Percent households 0.107*** 0.543%%*
with low income (0.007) (0.147)
Constant —6.496%** —190.955%**

(0.710) (15.550)
N 2337 2337
BIC —2378.01 12,045.70

Note: Standard errors are in parentheses. Regressions include state fixed effects.
Legislative attention variable has been standardized to ease interpretation.
Coefficient for Average waiting time for admission is —0.0001768.

*p<0.1.

*p <0.05.

D <0.01.

and community development relative to total spending, using
data from the U.S. Census Annual Survey of State and Local
Government Finances. To capture public attention, we draw
on marketing and business studies (Huang et al. 2020) and use
Google Trends (http://www.google.com/trends/), which aggre-
gates and normalizes search queries by time and location to
facilitate comparisons across terms, time points, and geograph-
ical areas. For instance, a value of 100 represents peak popular-
ity, while a value of 50 indicates half that level. Following our
approach for legal proceedings, we generate state-level Google
Trends data from 2010 to 2016 using the following keywords
and Boolean operators: “affordable housing” OR “low-income
housing” OR “affordable home ownership” OR “Habitat for
Humanity.” We then estimate the relationships between legisla-
tive attention, government funding allocation, and public atten-
tion at the state level, with results reported in Table 4. Notably,
government funding allocation is not significantly related to leg-
islative attention, whereas public attention shows a statistically
significant positive relationship. In other words, the positive re-
lationship between legislative attention and nonprofit efficiency
identified in our study may be channeled through increased
public attention. That is, heightened public attention could po-
tentially amplify public scrutiny of nonprofit operations, which
in turn encourages them to pursue greater efficiency.
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6 | Discussion

By examining the relationship between legislative attention and
nonprofit efficiency, our study contributes to a macro-micro un-
derstanding of government-nonprofit relationships and extends
the literature on government attention by linking dynamics in
the policy process to cross-sector practices. In particular, our
work makes four theoretical contributions. First, we conceptu-
alize and operationalize legislative attention—an understudied
aspect of government attention—demonstrating that the various
forms of government attention (e.g., legislative, executive, judi-
cial) can be distinct and operate through different mechanisms,
especially in cross-sector contexts. Second, and more specifi-
cally, our analysis shows that dynamics in the broader political
and policy processes can be reflected in and shape nonprofit
operations and management at the micro-level, thus advancing
an integrated framework of government-nonprofit interactions
and enriching the literature on cross-sector interactions in pub-
lic policy. Third, our findings support a complementary mode
of interaction, whereby increased legislative attention enhances
nonprofit efficiency. This suggests that the legislative process—
through its agenda-setting and resource allocation functions—
can positively affect nonprofit performance and that the impact
of legislative attention is more pronounced among nonprofits
receiving government grants, which highlights the moderating
role of government support. Finally, we demonstrate that public
attention—defined as the extent of public engagement with pol-
icy issues—can help channel the impact of legislative attention
on nonprofit management and operations, thus offering a more
holistic understanding of government-nonprofit interactions.

Alongside our theoretical contributions, our study also raises
several practical considerations. First, it provides important
implications for policymakers and nonprofit managers regard-
ing designing and implementing collaborative performance
management and boundary-crossing performance dialogues
(Douglas and Ansell 2020). These approaches are essential for
achieving sustainability and addressing “wicked” policy prob-
lems (Ansell and Gash 2018; Ba et al. 2024; Bianchi 2016), es-
pecially in light of the positive effect of legislative attention on
nonprofit efficiency (H1) observed in our results. To this end,
by highlighting cross-sector interactions and dynamics, our
study also contributes to the evolving shift toward performance
governance within the nonprofit sector, as well as the critical
importance of efficient management in light of the recent po-
litical dynamics in many societies. Second, our findings under-
score the importance for government officials and policymakers
to leverage targeted government support to enhance nonprofit
operational efficiency. In particular, the stronger positive cor-
relation between legislative attention and nonprofit efficiency
among nonprofits that receive government grants suggests that
financial ties with the government amplify the impact of legis-
lative focus on performance. This highlights a critical pathway
for improving public service delivery and policy outcomes by
strategically aligning government support with sectoral needs.

Lastly, itis useful to discuss several limitations of our study. First,
our study endeavors to extend the existing literature by adding
a less-studied construct of government attention (i.e., legisla-
tive attention). However, other important dimensions, such as
bureaucratic/administrative attention, are regrettably omitted.

Likewise, our focus on nonprofit efficiency might not be able to
capture the missions and goals of nonprofits in service delivery,
which are arguably more directly reflected in output-based vari-
ables such as houses rebuilt and repaired. Along this line, our
measure of nonprofit efficiency using DEA scores, albeit effec-
tive, might not capture the full spectrum of nonprofit efficiency,
as the usefulness of DEA scores hinges on the selected inputs
and outputs and is sensitive to outliers. In this case, future stud-
ies are suggested to focus on alternative dependent variables to
further explore the link between legislative attention and non-
profit management and operations. To this end, another key
limitation of this study is that government grants in Form 990
are reported as an aggregate sum, encompassing federal, state,
and local grants. As a result, we are unable to isolate the effects
of state-level government grants on Habitat affiliates. While this
limits our ability to directly assess state-level government atten-
tion, total government grants remain a meaningful proxy for
overall government support. Future research could address this
limitation by incorporating additional data sources or collecting
primary data from affiliates to disaggregate grant funding by
government level. Additionally, while this study incorporates
state-level socioeconomic variables to contextualize our main
independent variable—legislative attention at the state level—
we acknowledge that more localized, community-level controls
may provide additional explanatory power in understanding
variation in nonprofit efficiency. Future research could thus
benefit from integrating community-level socioeconomic indi-
cators, as well as measures of housing availability and afford-
ability, particularly when standardized, geographically specific
datasets are available. Doing so would help us better understand
how broader policy environments interact with local economic
conditions.

Moreover, and as noted previously, our sample of HFH affiliates
might limit the generalizability of our findings. While our selec-
tion of HFH affiliates was driven by sound reasons, including
the ability to conduct a comparable and effective assessment of
nonprofit efficiency, we acknowledge this limitation. Therefore,
we recommend that future research expand the investigation
scope to include a wider array of affordable housing organiza-
tions with diverse service-delivery models, as well as nonprofits
in other domains—such as public health and arts and culture
(see e.g., Altamimi and Liu 2022). Such studies would enhance
the external validity of our findings and provide a more robust
understanding of the relationship between government atten-
tion and nonprofit efficiency. Furthermore, due to limited data
availability, we could not provide more nuanced causal infer-
ences on the effect of legislative attention on nonprofit efficiency
or completely rule out the risk of reverse causality or omitted
variables. Future studies are thus encouraged to add to this
line of research. For instance, should data availability permit, a
valid instrumental variable that only affects nonprofit efficiency
through legislative attention may help address the endogene-
ity issue and obtain unbiased estimates of the causal effect of
legislative attention on nonprofit efficiency. To this end, while
our further analysis did not reveal a complex, nonlinear rela-
tionship between legislative attention and nonprofit efficiency,
nor were we able to examine its long-term impact, the possibility
that its effects vary at different intensity levels or manifest over
extended periods remains valid and likewise warrants further
exploration.
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Additionally, and perhaps more importantly, it is critical to
recognize that our analysis is limited to state-level attention.
However, in the realm of housing policies, local governments,
such as county and municipal authorities, also play a role. For
example, local regulations, like minimum lot sizes and single-
family square footage requirements, can significantly impede
the efforts of HFH affiliates in certain areas. Additionally, local
business environments, including construction costs, as well as
factors related to individual HFH affiliates’ internal manage-
ment, may further influence our results. However, our study is
limited in its ability to capture these local nuances, particularly
because some HFH affiliates operate across multiple jurisdic-
tions. Therefore, we recommend that future research conduct a
more in-depth analysis—either by assessing the effects of local
government attention on nonprofit efficiency or by incorporat-
ing local dynamics into the analysis of state-level government
attention—to yield a more detailed and comprehensive under-
standing of the interplay between policy environments and non-
profit operations and management.

7 | Conclusions

Government attention plays a crucial role in nonprofit manage-
ment and nonprofit-government interactions. By applying an
attention-based view, our study examines how legislative atten-
tion is linked to nonprofit efficiency and how government grants
moderate this relationship. Focusing on the U.S. nonprofit hous-
ing sector, we utilize a longitudinal multi-level regression ap-
proach with data drawn from state-level legal proceedings and
financial statements of a national sample of housing nonprofits.
Our findings indicate a positive association between legislative
attention and nonprofit efficiency, supporting a complementary
model of nonprofit-government relations. Notably, this rela-
tionship is stronger among nonprofits that receive government
grants, underscoring the importance of government support in
enhancing responsiveness to legislative focus. Further analyses
reveal no evidence of a nonlinear relationship between legisla-
tive attention and efficiency, while suggesting that public atten-
tion may help channel this effect. Overall, our study advances a
macro-micro perspective on government-nonprofit interactions
and extends the literature on government attention by linking
policy process dynamics with practices across diverse sectors.
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Endnotes

LA possible exception is Yackee's (2006) work on inter-institutional at-
tention although their focus is more on different branches within the
U.S. federal government (i.e., Congress and the President).

2Ideally, more input variables, such as the number of volunteers, should
be considered. However, the number of volunteers was not captured
for some of the sampled years.

3Pennington et al. (2014). GloVe: Global Vectors for Word Representation.

4Rajaraman and Ullman (2011). “Data Mining” (PDF). Mining of
Massive Datasets. pp. 1-17.
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Appendix A

Data and Variables

A.1l. | Details of Input and Output Variables

Input

Management expenses Management and general expenditures

(administrative expenses)

Program expenses Program expenditures

Output

New Number of newly constructed houses

Recycled Number of houses an affiliate has
foreclosed on and made available to a

new HFH homebuyer

Rehabilitated Number of houses that were donated

to HFH and turned around to a HFH
homebuyer
Repaired Number of houses that received an

improvement such as a new roof

A.2. | NLP Analysis
Data processing steps

« Convert raw data from RTF format to plain text format for further
processing. Group the texts based on the state and year.

« Utilize pretrained GloVe embeddings® to load word embeddings
that have been pretrained by GloVe.

Generate representations for grouped texts by calculating the
weighted average of individual word embeddings. The weights for
each word are determined by the TF-IDF score*.

Obtain a representation for keywords by averaging the GloVe em-
beddings associated with them.

Compute the similarity metric, specifically cosine similarity, be-
tween the grouped text representations and the keyword represen-
tation. A higher metric indicates a stronger relevance of a grouped
text to a keyword.

Normalize the scores along the row dimensions to ensure statistical
robustness and semantic balance.
o L1 Normalization: the scores are divided by their absolute
sums, after which they sum to 1.
o L2 Normalization: L2 normalization involves dividing scores by
their squared sums, after which their squared scores sum to 1.
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Groupby Texts Keyword lists (length n)
L Files Alabama 2012 |[affordab|e, housing, ... , low-income] I
W data fram coff £ 4 4 .
raw data from rif format to I Files Alabama 2011
Preprocess raw data from rtf format to | Files Alabama 2010
raw text format for subsequent
g processing steps. Group texts by the query
state and the year. Housting becomes..
query . 5
TF-IDF GloVe Pre-trained Embedding Table query result
_ Word GloVe Embedding
- L T housing [0.32,0.45,-0.12, ..]] affordable [0.23,0.32, .]
— — - Vol AV N
Word TF-IDF Em‘i‘:;/;m affordable [0.14, 0.10, 0.66, ..
query result i -
preprocess 0.012 [0.23,0.32, .]] / environment [0.26,0.22, -0.09, ..] low-income [-0.26, 0.24, . ]
unweighted average
housing 0012 |[0.32, 045, .] 300-dimensional

Keyword Embeddings
| Keyword list | [0.23,0.32, ..] + ... +[-0.26,0.24, ..]/n |

weighted average

and normalize 300-dimensional

Grouped Text Embeddings A\ Final Output
= 0.012*[0.23, 0.32, ..]+0.012* - o
Files Alabama 2010 [0.32, 0.45, .]+... Cosine similarity Files Alabama 2910 with 0.578
Keyword list
Files Alabama 2011 0.023%[0.12, -0.45, ..]+0.085 >
[0-32, 0.45, .]*+... Files Alabama 2011 with 0415
= 0.014*[0.23, 0.32, ..]+0.037* Keyword list ’
Files Alabama 2012 [0.11, 0.24, .J+...
Files /Tl(ael;:vr:?dﬁi(;? with 0.518
300-dimensional

Illustration flowchart of legal proceeding scoring steps.

List of Keywords

Affordable housing

Low-cost homeownership

Low-income housing
Affordable home ownership
Habitat for Humanity
Affordable homeownership
Affordable homes

Affordable houses
Affordable mortgage
Low-income homes
Low-income house
Low-income homeownership
Low-income homes
Low-income house
Low-income homeownership
Habitat International
Housing access

Affordable housing access
Affordable home access

Equitable housing

Low-cost home
Low-cost housing
Low-cost homeownership
Housing assistance
Housing subsidy
Subsidized housing
Housing affordability

Housing policy

Affordable housing development

Sustainable affordable housing

Nonprofit affordable housing developers

Neighborhood Homes Investment Act

Restoring Communities Left Behind Act

The HOME Act

Build Back Better Act

National infrastructure package

Emergency mortgage payment assistance for low-income homeowners

U.S. fair housing initiative
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Affordable housing

Low-cost homeownership

Low-cost home

Low-cost housing

Low-income housing tax credit

Community Reinvestment Act

A.3. | Results

A.3.1. | Regression Results Without Standardizing Legislative Attention

Nonprofit efficiency

Model 2 (with Model 3 (without
Model 1 government funding) government funding)
Variables of interest
Legislative attention 30.910%* 45.171%* 21.591
(13.874) (19.260) (20.796)
State-level control variables
Per capita income 1.459%** 1.070 1.679%*
(0.437) (0.765) (0.732)
Government size —1.853%%* —2.905%** —-0.954
(0.595) (1.018) (0.922)
Government decentralization 0.355%* 0.435%* 0.382
(0.149) 0.172) (0.280)
Assisted housing occupation rate 0.239 —-0.375 0.276
(0.492) (0.762) (0.719)
Average waiting time for admission 0.075 0.0101 —0.003
(0.121) (0.202) (0.168)
Percent of households with low income 2.541%* 4.351%* 3.379%*
(1.136) (1.719) (1.717)
NPO-level control variables
Nonprofit age —0.268 0.779 0.270
(0.268) (1.040) (0.948)
Nonprofit size 4.402%** 1.070 4.821*
(1.653) (2.547) (2.469)
Government grants contribution 2.413 8.393 —
(6.492) (7.695) —
Revenue concentration (HHI) 11.785* 10.204 16.762*
(6.721) (10.895) (9.884)
GSA population category 2.077 16.302%%* 1.424
(2.326) (2.355) (3.038)
Zillow Home Value Index (log) —2.154 —16.593** 4.713
(5.980) (7.716) (10.682)
Constant —330.950** —242.468 —567.009**
(-150.251) (222.339) (242.962)
N 2334 1015 1319
BIC 20,337.96 8609.21 11,457.16

Note: Standard errors are clustered by NPOs and in parentheses. Regressions include state and nonprofit fixed effects. Government grants contribution omitted

because of collinearity. *p <0.1. **p <0.05. ***p <0.01.
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A.3.2. | Regression Results With the Interaction Term Between Legislative Attention and Receiving Government Grants

Nonprofit efficiency

Variables of interest

Legislative attention

Without government grants

With government grants

Without government grants X Legislative attention

With government grants X Legislative attention

State-level control variables

Per capita income

Government size

Government decentralization

Assisted housing occupation rate

Average waiting time for admission

Percent of households with low income

NPO-level control variables

Nonprofit age

Nonprofit size

Revenue concentration (HHI)

GSA population category

Zillow Home Value Index (log)

Constant

N
BIC

13.774
(18.112)

0
©

~11.497*
(6.228)

0
®)

41.129*
(23.858)

1.420%%*
(0.439)

—1.842%%*
(0.591)

0.352%*
(0.150)

0.240
(0.490)

2.693%*
(1.131)

0.082
(0.122)

-0.223
(0.261)

4.500%+
(1.662)

11.165*
(6.701)

2.426
(2.312)

—2.087
(5.974)

—342.691%*
(149.821)

2334

20,341.18

Note: Standard errors are clustered by NPOs and in parentheses. Regressions include state and nonprofit fixed effects. The legislative attention variable has been

standardized to ease interpretation. *p <0.1. **p <0.05. ***p <0.01.
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